S o d a I i-t Sodality: Jurnal Sosiologi Pedesaan Vol. 11 (01) 2023 | 97-110
y https://doi.org/10.22500/11202346272

Jurnal Sosiologi Pedesaan

Covid 19, Inequality and Poverty in Rural Indonesia

Covid 19, Ketimpangan dan Kemiskinan di Pedesaan Indonesia
Sofyan Sjaf”

Department of Communication and Community Development Sciences, FEMA IPB University, 16680 Indonesia
Y Correspondence e-mail: sofvansjafi@apps.ipb.ac.id

Received: March 12,2023 |Revised: August 8, 2022 | Accepted: August 12, 2023 | Online Publication: August 16, 2023

ABSTRACT

The Covid-19 pandemic has had an impact on inequality and poverty in rural Indonesia. This study
aims to identify inequality and poverty during the Covid-19 pandemic, as well as program policies
for poor families after the Covid-19 pandemic in rural Indonesia. The combination of quantitative and
qualitative methods with the Drone Participatory Mapping (DPM) approach is the preferred method
used by researchers to obtain Precision Village Data (PVD). From this data, the researcher used the
Lorenz Curve to determine the inequality and poverty of families in three villages (Sibandang,
Cikarawang and Tegallalang). The results showed that the three research villages were in low
inequality conditions (Sibandang Village with the typology of plantation village = 0.39; Cikarawang
Village with the typology of food crops village = 0.36; and Tegallalang Village with the typology of
rice field village = 0.35) during the Covid-19 pandemic. From this inequality, every poor family in
rural Indonesia has a different income. Therefore, the policy to restore the condition of poor families
in rural Indonesia must address three main aspects: education, employment and income.
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INTRODUCTION

The world is currently facing a very difficult challenge in dealing with the Covid-19 pandemic. WHO
(World Health Organization) has announced that the world is at a dangerous point with Covid-
19(Kvieskieng et al., 2021; Peters, 2021; Sjaf, 2021; Sjaf et al., 2021; Visagie & Turok, 2021). Covid-
19 has taken its toll with thousands of deaths, crippled the economy, and raised poverty to an alarming
level (Crawley, 2021; Fatton, 2021). The Food and Agriculture Organization (FAO) reports that a
pandemic that endangers world food security is expected to push back the 2nd target of the Sustainable
Development Goals (SDGs) by 2030, that is eradicating hunger (FAO, 2020). This FAO report reminds
us of (1) food is a matter of life and death of a nation; (2) the essence of Indonesia's economic
development is the development of the agricultural sector; and (3) villages as the basis for Indonesia's
economic growth and equity (Sampean & Sjaf, 2020; Sjaf et al., 2020; Sjaf, Sampean, et al., 2022).
Access to food sources during this pandemic depends on diversified and increasingly irregular sources,
on the other hand, food provision involves a set of knowledge and skills essential for social reproduction
that is not included in existing emergency programs (Gracia-Arnaiz et al., 2021; Milan-Garcia et al.,
2019).

Covid-19 has also resulted in worsening poverty and unemployment rates (Atutxa et al., 2021; Rivera
& Castro, 2021; Sjaf, 2021). In Indonesia, as of July 31, 2020, the total number of workers, both formal
and informal, affected by Covid-19 reached more than 3.5 million people nationwide (Kemenaker,
2020). The results of research from the Indonesian Institute of Sciences (LIPI) showed similar results,
where as many as 15.6 percent of workers experienced layoffs and 40 percent of workers experienced a
decrease in income, including 7 percent of workers' incomes down to 50 percent (LIPI, 2020). The
condition of the world's working class also appears to be the same, in terms of the International Labor
Organization (ILO) report issued in April 2020 which stated that the massive economic disruption due
to the Covid-19 crisis affected the world's 3.3 billion workforce (ILO, 2020). This sharp and unexpected
decline in economic activity led to a drastic decline in employment, both in terms of the number of jobs
and aggregate hours worked. Using the calculation of working hours, the Covid-19 pandemic is
predicted to eliminate 6.7 percent of working hours globally or equal to the layoffs of 195 million
workers. The impact of Covid-19 is very much felt by lower-level workers who have a much lower
chance of entering professional work (Duta & Iannelli, 2018).

The description above does not exclude rural areas where Covid-19 has had an impact on increasing the
poverty rate. This condition is exacerbated by poverty in rural areas which is higher in number compared
to urban areas prior to the Covid-19 pandemic. All of this is because development encourages economic
growth which is inversely related to poverty reduction (Garza-Rodriguez, 2018). Warda et al. (2019)
mention that the problem of socioeconomic progress in rural areas causes higher inequality because of
the hierarchical social structure in rural areas. The results of development that should be felt equally by
various levels of society are instead focused on certain groups who are in a position above the village or
are called elitist groups (Sampean & Sjaf, 2020).

In a society that is in a hierarchical structure, the benefits of development programs cannot be felt by
the lower classes of society. Thus, the issue of access to development programs is a key issue. It is
relatively difficult for lower-class people to access well-available development programs, on the
contrary, development programs are easier and tend to accommodate the interests and needs of upper-
class people. This is a condition that further strengthens the occurrence of inequality in rural areas.

The Covid-19 pandemic adds to the threat to public health amid the dynamics of vaccine distribution
and access in Indonesia which has not been evenly distributed to all people, including rural residents.
Rural residents compete with urban residents to access health facilities that are not yet fully available in
the village (Hardhantyo & Chuang, 2021; Simanjorang et al., 2022). This marginalization of rural
communities is related to economic poverty, sustainable exclusion, and social inequality in villages (Xu
& Takahashi, 2021). The decline in the level of income and the quality of household health in rural
communities has an impact on the declining level of household welfare. Lockdowns imposed in many
countries to contain the spread of COVID-19 have important consequences for the domestic sphere
(Dominguez-Folgueras, 2021). This decline in the level of traditional family welfare affects poverty at
the individual level (Antonelli & De Bonis, 2021; Visagie & Turok, 2021). It seems that poverty is
concentrated in poor families which is related to the low support for public policies to improve the
conditions of these poor families (Antonelli & De Bonis, 2021). Poor families may appear to have
improved their welfare through social spending, but in reality, this practice is not good for poor families

Sodality: Jurnal Sosiologi Pedesaan | Vol. 11 (01) 2023 | 98



in future poverty analysis. As a result, the idea of social investment through social spending may not be
entirely true for the poor, especially without clear compensatory trade-offs for increasing family income
(Nkrumabh et al., 2021; Visagie & Turok, 2021).

The issue of inequality and poverty has always been a fundamental problem in the study of development
in rural areas (Anastasiou et al., 2021; Peterson, 2017; Xu & Takahashi, 2021). The Covid-19 outbreak
that has occurred all over the world (and Indonesia is no exception), is interesting to explore its impact
on the socio-economic conditions of people in rural areas ( (Belitski et al., 2022; Delardas et al., 2022;
Rasul et al., 2021). Therefore, this study aims to analyze the conditions of inequality and poverty in rural
Indonesia caused by Covid-19. From this goal, it is hoped that there will be a formulation of priority
development programs in rural areas as an effort to respond to the current inequality and poverty.
Furthermore, as an effort to see the pattern that occurs in Indonesia, this study takes cases in three village
locations that represent Indonesia, including Sibandang Village, North Tapanuli Regency-North
Sumatra which represents western Indonesia (Sumatra Island); Cikarawang Village, Bogor Regency-
West Java which represents the central part of Indonesia (Java Island); and Tegallalang Village, Gianyar
Regency-Bali as a representation of eastern Indonesia (Bali and Nusa Tenggara).

METHODS

In order to comprehensively capture the conditions of inequality and poverty in rural Indonesia up to
the level of Hamlet or other names (by name, by address, and by coordinates), the Drone Participatory
Mapping (DPM) approach is used to obtain Precision Village Data (PVD) from the entire family
population living in the study area (Sjaf et al., 2020; Sjaf, Sampean, et al., 2022). DPM is an inclusive
approach that connects the relationship between humans and technology to collect precision village data,
taking into account spatial aspects, digital technology, village community participation, and census
(Figure 1).
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Figure 1. Five stages of obtaining Precision Village Data through the DPM approach: (1) using drone
technology to produce high-resolution images; (2) conducting a family census based on citizen participation
using the Merdesa Census application; (3) both the spatial data obtained through drone images and thematic
maps, as well as the census results, are stored on the server; (4) compiling algorithms according to analysis

needs; and (5) answer the needs of villages and residents through the Partnership 4.0 application.

Furthermore, the purpose of using the DPM approach is so that the social and economic conditions of
residents in rural areas can be described with precision so that the target families can be quickly
identified.
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Participant

This study involved 9 researchers, 10 research assistants, 33 government officials in three villages, 122
village enumerators (20 people from Sibandang Village, 35 people from Cikarawang Village, and 67
people from Tegallalang Village), and 4,610 families as respondents consisting of 294 families from
Sibandang Village; 2,544 families from Cikarawang Village; and 1,772 families from Tegallalang
Village.

Procedure and instrument

Five procedures and instruments were used in the research, including (1) training and capacity building
for village enumerators; (2) taking aerial photographs of village areas using drones; (3) participatory
digitization using ArcGIS; and (4) family census using the MERDESA census application. The
following describes the five procedures in question:

Training and capacity building for village enumerators. Training and capacity building are intended
for village youths who become village enumerators. With the approval of the village government, each
hamlet/banjar delegates at least 2 village youths to attend the training. The orientation of the training
provided was the importance of village data as the basis for village development planning, as well as
technical capacity building in applying the instruments needed in this approach, including drone
technology, Geographic Information System (GIS), and the MERDESA census application.

Aerial photo data collection of the village area. Aerial photo data collection of the village area is carried
out in a participatory manner with village youths. The activities carried out are: determining the
coordinates of village boundaries, determining drone flying points, taking aerial photos of village areas
with drones, and the process of aerial photo mosaics. This procedure requires computer/laptop
instruments, Global Positioning System (GPS), drones, and ArcGIS.

Participatory digitization. The participatory digitization stage is carried out at the hamlet/banjar level
to identify in detail each material that appears in the image. Those identified in this procedure include
village facilities (village offices, schools, health centers, places of worship, sports buildings, markets,
and so on), village potential (rice fields, monoculture plantations, mixed plantations, ponds, and so on),
village infrastructure (village roads, farm roads, irrigation, bridges, dams, and so on), as well as
community residential areas and whatever is visible in the image. The instrument used in this procedure
is a computer equipped with spatial data processing software.

Operationalization of the MERDESA Census application. This procedure is carried out by village
youths who are enumerators. In the census process, enumerators are equipped with the MERDESA
Census application which can be accessed via an Android smartphone. Each enumerator will visit
residents' homes to collect information, including respondents' identity, land ownership data, education
level, occupation, and others.

Data Analysis. The Precision Village data obtained through the DPM approach was analyzed in stages.
First, spatial analysis to determine the typology of villages in the research location. This analysis focuses
on land use maps generated from drone images obtained through the DPM approach; second, inequality
analysis using the Gini ratio measurement. The Gini ratio is an instrument used to measure the inequality
of population distribution based on income variables. This variable is obtained from the level of family
expenditure per month, which can be reduced to individual expenditure per month, as an approach to
obtaining the amount of income.

The calculation of the Gini ratio measurement or index is based on the Lorenz Curve, which is a
cumulative expenditure curve that compares the distribution of the expenditure variable (measuring the
amount of income) with a uniform distribution that represents the cumulative percentage of the
population. The Gini coefficient is a measure of inequality or aggregate inequality whose numbers range
from O to 1. The Gini coefficient is obtained by calculating the ratio of the planes between the diagonal
line and the Lorenz Curve, where the area of half of the Lorenz curve lies (Figure 2).

Sodality: Jurnal Sosiologi Pedesaan | Vol. 11 (01) 2023 | 100



(% Cumulative Income)

L (% Cumulative Population)

Figure 2. Lorenz curve illustration

The Lorenz curve will be further away from the diagonal line if the ratio between the cumulative
percentage of income (based on expenditure) is not directly proportional to the cumulative percentage
of the population or vice versa. In short, if the cumulative percentage of income accumulation of the
population in a particular group is too high compared to the cumulative percentage of the population in
other groups, then this condition causes the Lorenz Curve to move away from the diagonal line, expands
the shaded area, and is interpreted as an unequal condition.

Then the size of the income distribution, as seen from the expenditure, is classified into several classes
(lowest to highest) based on the scale of the level of expenditure per month. Thus, the lowest class is the
class group with the lowest level of expenditure, thus this class can be assumed to be the poorest class
from the other classes. The value of the boundary coefficient of inequality between classes can be seen
in Table 1.

Table 1. Value of inequality boundary coefficient based on income distribution

Coefficient value Income distribution
<0,4 Low inequality rate
0,4-0,5 Medium level of inequality
> 0,5 High inequality rate

Source: Todaro, MP. & Smith, SC. (2002)

Third, poverty analysis uses World Bank (WB) measurements. The WB defines poverty as a loss of
well-being. This is measured through a person's ability to access available resources (consumed goods),
or in other words, it can be seen through income/expenditures. Furthermore, WB uses the poverty
threshold based on income/expenditure per day, namely residents who have a total income/expenditure
of less than 1.9 US$ per day. This nominal is equivalent to a value of IDR 833,620 per month at an
exchange rate of 1 US$ worth IDR 14,414 (Sari 2020; Haughton and Khandker 2009). This condition
will provide an overview of the purchasing power of the people to achieve a certain level of adequacy.
In line with WB, the Indonesian Central Statistics Agency (BPS) defines poverty as the inability of
individuals to meet the minimum basic needs for a decent life (BPS, 2021a). This concept refers to the
handbook on poverty and inequality published by WB where poverty is seen as the ability from an
economic point of view to meet basic and non-food needs, from the expenditure side (Haughton and
Khandker 2009). The poverty line reflects the minimum expenditure required for a person to meet the
basic needs of his life for 1 month.
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Figure 3. Population grouping based on expenditure indicators.

The poverty line consists of the food poverty line and the non-food poverty line. The food poverty line
is the value of the minimum food expenditure per capita per month from 45 types of commodities. The
non-food poverty line is the minimum expenditure value for non-food items in the form of: clothing,
housing, education, and health. Therefore, the BPS poverty line is different for each city or district. The
average value of the poverty line based on expenditure in Indonesia is IDR 442,121 (BPS, 2021b,
2021a). This is what makes the city/district average poverty line (based on BPS) below the WB poverty
line. (Figure 3), resulting in a slice of every individual whose spending is below the city/district poverty
line, which is definitely below the WB poverty line.

Table 2. Poverty categories based on BPS and WB expenditure indicators

Spending below the poverty line

Poverty category BPS WB
Very poor/extremely poor v v
Poor v X
Not Poor X X

Source: BPS (2021b)

Table 2 shows that families with income/expenditure below the WB poverty line and above the city or
district poverty line are poor families/individuals. Meanwhile, families/individuals with
income/expenditures below the city or district poverty line are categorized as very poor or extreme poor
(Table 2).

RESULT AND DISCUSSION

This section presents the results of an analysis of poverty and inequality from three research locations
that have different characteristics. For village characteristics, spatial analysis is carried out by displaying
land use maps from drone imagery. The results of the analysis are used to determine the typology of the
village. From this village typology, an analysis of poverty and inequality was then carried out in the
research location.

Village Typology and Poverty Characteristics

The three villages selected as research locations have different typologies based on land use. Sibandang
Village, which is located in the North Tapanuli Regency, North Sumatra Province (Sumatra Island) has
the typology of garden/plantation village. From the land use data in Sibandang Village, it was identified
that cocoa plantations were the most dominant land use area (54.75 percent of the total village area of
309.2 hectares) compared to other land uses. Sibandang village is a village that is socio-culturally
dominated by three sub-ethnic Batak (marga/clans), namely Rajagukguk (31.59 percent of a total of 294
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families), Simaremare (11.02 percent) and other Batak clans as much as 57.38 percent (Siregar,
Simbolon, Sinaga, Naibaho, Sianturi, and others).

(b) Cikarawang Village

(c) Tegallalang Village

Figure 4. Land use maps of the three research sites (Sibandang, Cikarawang and Tegallalang)
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Unlike the previous village, Cikarawang Village is a village located on the island of Java, precisely in
Bogor Regency, West Java Province. Cikarawang Village is a village identified as having a dominant
land use of upland (cassava, sweet potatoes, secondary crops and others). The land use area is 46.25
percent of the total village area of 256 hectares. Thus, Cikarawang Village can be categorized as a village
with a dry typology. Then socio-culturally, Cikarawang Village is dominated by ethnic Sundanese
(94.51 percent of the total 2,544 families) and Non-Sundanese as much as 5.49 percent of the total
families (Batak, Betawi, Malay, Bugis and others). Meanwhile, Tegallalang Village, Gianyar Regency,
Bali Province when viewed spatially has the dominant land use as rice fields (30.63 percent of the total
village area of 733.02 hectares). Although Tegallalang Village is dominated by ethnic Balinese, there is
a dominant Pasek clan (39.87 percent of the total 1,772 families), followed by other Balinese clans
(59.76 percent of the total family), such as: Arya, Dalem, Pande and others. Meanwhile, residents who
are not ethnically Balinese are 0.38 percent of the total family. In summary, the typology of villages in
the three research locations is presented in Table 3.

Table 3. Typology of villages in three research locations

Current condition

Research sites

Island Village typology Socio-cultural conditions
1. Sibandang Sumatra  plantation Homogeneous (dominated by ethnic Batak
with several clans)
2. Cikarawang Java Moor Homogeneous (Sundanese ethnic
dominance)
3. Tegallalang Bali Ricefield Homogeneous (Balinese ethnic
dominance)

Table 3 shows the research locations are in three islands that have homogeneous socio-cultural
conditions with different village typologies. Furthermore, if these three villages are associated with the
pattern of distribution of poverty, then almost all regions have the same proportion of poor and non-
poor, where the proportion of non-poor families exceeds 50 percent of the total rural families. The
locations with the highest number of poverties are Sibandang Village as much as 20.07 percent;
Tegallalang Village 19.02 percent; and Cikarawang Village 15.07 percent. Although Cikarawang
Village has the lowest poverty percentage, the total family population in Cikarawang Village is much
higher than the other two villages. Interestingly, in the case of Sibandang Village, which has the highest
percentage of poverty, but has the lowest unemployment percentage compared to other villages. This
shows that the poverty that occurs in Sibandang Village is not only caused by unemployment, but the
existence of insufficient income to meet their needs.

So far, the measurement of poverty has always been oriented to the amount of income. This was chosen
because it is considered to be the clearest and easiest way to classify who is poor and vice versa.
However, this method according to Sen (1999) so limited and tend to be reductionist. Stiglitz, Sen, and
Fitoussi (2010) emphasized that so far, countries that measure welfare based on Gross Domestic Product
(conventional economy) have not been able to capture the quality of life or subjective welfare levels
(Sjaf, Arsyad, et al., 2022; Sjaf et al., 2021). The criticism is very reasonable if the use of poverty
measurement based on income is used as a universality to be applied in various parts of the world. Like
the WB version of the poverty indicator, it is 2 dollars per day per capita and is applied worldwide. This
can be used incorrectly because the nature of poverty is relatively dependent on local subjectivity.

Rural Inequality in Indonesia

This section will identify the distribution of income within the village scope. This measurement of
income distribution is important because it can identify two things at once: (1) identify the families with
the lowest incomes in the village, which are hereinafter referred to as poor families in the village; and
(2) from the Lorenz Curve it can identify how the income distribution within the village is (Figure 5).
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Figure 5. Land use maps of the three research sites (Sibandang, Cikarawang and Tegallalang)

Figure 5 informs that Sibandang Village has a village Gini ratio index of 0.39. This means that
Sibandang Village is in a condition of low inequality approaching moderate inequality. Furthermore, if
traced to the hamlet level, hamlet 1 contributed a high Gini ratio value (medium inequality) of 0.41; then
followed by hamlet 3 by 0.38 (low inequality); and sub-village 2 by 0.36 (low inequality).

Furthermore, for Cikarawang Village, the result of measuring the village Gini ratio is 0.36. This means
that Cikarawang Village has low inequality. However, there is a hamlet that contributes to the Gini ratio
of moderate inequality, namely hamlet 7 of 0.44. The other hamlet is in Cikarawang Village contributed
to low inequality, including hamlet 1 of 0.34; hamlet 2 of 0.33; hamlet 3 of 0.34; hamlet 4 of 0.33;
hamlet 5 0of 0.31; and hamlet 6 of 0.39.

Then for Tegallalang Village, the result of measuring the village's Gini ratio is 0.35 (low inequality). Of
the 11 Banjar/hamlet within the scope of Tegallalang Village, only Banjar 1 contributed moderate
inequality with a value of 0.40. Meanwhile, the other 10 Banjars have a Gini index ratio of 0.29-0.35.

From the measurement of the Gini ratio of the three villages above, it is further identified how the
distribution of income so far has been obtained by the poorest families in the village. From the Gini ratio
measurement, the population of the poorest families is always categorized into two, namely: The poorest
20 percent of families in the village and The poorest 40 percent of families in the village. In Sibandang
Village, there are the poorest 20 percent of families (59 families) who earn 6 percent of the total income
(IDR 29,304,160). Or it can be said that each poorest family has an average income of IDR 496,680 per
month. Furthermore, if drawn more broadly, the poorest 40 percent of families (118 families) earn 16
percent (IDR 78,144,426) of the total income in the village. This means that the poorest family receives
an average income of IDR 662,240 per month.

For Cikarawang Village, there are the poorest 20 percent of families (498 families) who get 5 percent
of the total income (IDR 291,964,768). Or it can be said that each poorest family has an average income
of IDR 586,274 per month. Meanwhile, if drawn more broadly, the poorest 40 percent of families (996
families) in the village earn 17 percent (IDR 992,680,213) of the total income in the village. This means
that the average income of the poorest family is IDR 997,067 per month. Finally, for Tegallalang
Village, the poorest 20 percent of families (354 families) earn 6 percent of total income (IDR
328,859,202). Or it can be said that each poorest family has an average income of IDR 927,932 per
month. Meanwhile, if drawn more broadly, the poorest 40 percent of families (709 families) in the
village get 18 percent (IDR 986,577,605) of the total income in the village. This means that on average
the poorest families receive an income of IDR 1,391,898 per month. Table 4 shows a summary of the
income distribution of poor families in the three research locations.

Table 4. Income distribution of poor families in Sibandang, Cikarawang and Tegallalang Villages

Number of Poor ) In?om.e Monthly Number .o.f ) In?om.e ) In?om.e
Village Families (20 Distribution/ Income Poor Families Distribution/  Distribution/
Month Distributio (poorest 40 Month Month
percent poorest) (Cumulative)  n (Family) percent) (Cumulative) (Family)
Sibandang 59 29,304,160 496,680 118 78,144,426 662,240
Cikarawang 498 291,964,768 586,274 996 992,680,213 997,067
Tegallalang 354 328,859,202 927,932 709 986,577,605 1,391,898
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Table 4 further emphasizes that every poor family in rural Indonesia has a different income. This proves
that poverty is relatively in accordance with the context of the social, economic, and ecological structure
of a society. The Gini ratio measurement provides a reference for policy makers related to social security
programs, empowerment of poor families in order to improve the welfare of poor families. This is very
possible because the database used, namely PVD, is able to trace who the poor families are, where their
houses are located, and what their coordinates are.

Right Policy

Socio-economists use the Gini ratio to calculate the income inequality of the population and determine
the quality of life of the lowest (poorest) to highest (richest) groups of life. Using PVD, the rural Gini
ratio in three of Indonesia's islands was identified as below 0.4 (low income inequality). In rural
Sumatra, which has a plantation agriculture typology, the Gini ratio is 0.39 with an average per capita
income per month of 1.6 million. Meanwhile, in rural Java and Bali with the typology of food crops and
rice fields, the Gini ratio is 0.36 with an average monthly per capita income of IDR 2.3 million (Java)
and IDR 3 million (Bali).

Interesting information from this research is that 50 percent of the family population in rural Sumatra,
Java, and Bali, only earns 23-26 percent of the total income in each village. In rural Sumatra, the total
income of all household heads per month is around IDR 488.4 million, while in rural Java it is IDR 5.8
billion, and in rural Bali it is IDR 5.4 billion.

Then, the bottom 20 percent of the family groups (poorest) in the three islands only get 5-6 percent of
the total income and the bottom 40 percent of the village residents only get 16-18 percent of the total
income. In contrast, the top 20 percent of families (the richest) earn 55-58 percent of the total income.

In the context of the Covid-19 pandemic, the above data and information warn us that low inequality
can at any time shift to moderate to high inequality. This can happen if regulations for handling socio-
economic impacts caused by Covid 19 are not well-targeted and do not have a clear orientation. Indeed,
the development of policies that prioritize poverty alleviation among low-income households who are
vulnerable to weak economic situations is very important (Mustapa, Al Mamun, and Ibrahim 2018; Al
Mamun et al. 2018). It's just that regarding assistance policies such as social assistance programs and
the like in the future, caution needs to be taken.

One of the advantages of PVD is that it is able to show the position of inequality and the quality of life
of family groups in each hamlet/community unit or in other terms. In rural Sumatra, which has a
plantation agriculture typology, the Gini ratio is highest at the hamlet level of 0.41 and the lowest is
0.36. Meanwhile, in rural areas of Java and Bali with the typology of food crops and rice fields, the Gini
ratio was highest at the hamlet level of 0.44 (Java) and 0.40 (Bali), and the lowest was 0.31 (Java) and
0.29 (Bali). Of the two categories of the Gini ratio, there are patterns of poverty and unemployment as
a result of the Covid-19 pandemic.

First, a high Gini ratio is followed by high poverty and unemployment. In all rural areas in Sumatra,
Java, and Bali, the family population that contributes to the high Gini ratio in the hamlet/community
unit level has a family poverty distribution of 1.6-6.46 percent and unemployment 0.68-4.08 percent of
the total family. For poverty, rural Sumatra provides the highest contribution, which is 6.46 percent of
the total family. It is then followed by rural Java and Bali, respectively as much as 2.45 percent (Java)
and 1.64 percent (Bali) of the total family. As for unemployment, rural Bali has the smallest contribution
(0.68 percent of total families), which is then followed by rural Java as much as 2.65 percent of the total
family. Meanwhile, rural Sumatra contributed the highest, which was 4.08 of the total family.

Second, a low Gini ratio is followed by low poverty and unemployment. In rural Sumatra, Java, and
Bali, the family population that contributes to the low Gini ratio at the hamlet level has a family poverty
distribution of 1.2-4.76 percent and unemployment 0.96-2.13 percent of the total family. This pattern
provides information that poverty in rural Sumatra is higher than rural Java and Bali, which is 4.76
percent of the total family. This is followed by rural Bali and Java, respectively 3.50 percent (Bali) and
1.25 percent (Java). As for unemployment, rural Java contributed the largest (2.13 percent of the total
family). It is followed by rural Sumatra as much as 1.02 percent and rural Bali 0.96 percent.

Based on the research findings, the Covid-19 pandemic has warned policy makers to be precise in
determining the priority targets of village development programs. In the context of Indonesia, the
development mandate is based on the 1945 Constitution of the Republic of Indonesia, namely "to
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improve the welfare of the people" and "to educate the nation". This mandate is a corridor in the post-
Covid-19 pandemic policy. Therefore, poverty as a result of the Covid-19 pandemic can be reduced
through various programs and policies that touch three main aspects: education, employment, and
income (Figure 6).

Cash transfer
program policy

Employ(\ /_‘ Economic

Status
Income

Employment Inequality

Procurement Policy Poverty Potential

Education

Formal/ Non Formal
Education
Improvement Policy

Figure 6. Recommendations for the post-Covid-19 development program cycle

Figure 6 shows that the post-Covid-19 development program forms an interrelated cycle of three main
aspects (education, employment, and income). For example, the target of the program is to improve the
quality of education, so the right target of the program is individuals who need assistance to increase
their capacity and competence through formal/non-formal education. This capacity building and self-
competence aims to increase their competitiveness and readiness to enter the world of work and
entrepreneurship after Covid-19. By itself decent work will increase income, and affect the increase in
status/economic conditions. Improving the economic status and purchasing power of each individual
will lift poor families out of poverty and narrow the gap in inequality that exists in the village or region.

Another example, if the increase in income is targeted at individuals who do not yet have decent jobs,
then providing local potential-based employment that is networked with industry as an offtaker is a more
appropriate approach. Of course, the solidarity of rural community groups also enables individuals to
more effectively utilize their various knowledge, skills and resources to maintain their communities in
a more sustainable manner and provide greater participatory space for the community. (Leap and
Thompson 2018; Gouveia, Forte, and Coelho 2021; Balaban, Zupljanin, and NeSovi¢ 2019; Antic et al.
2017; Gema Cardenas Alonso and Ana Nieto Masot 2017).

The advantages of PVD, which are able to capture inequality and the quality of life of family groups,
can be used as a way out to overcome the problems of poverty, inequality, food crises, and
unemployment in rural areas. The advantages of PVD do not only apply to the three research locations
in Indonesia. But also, it can capture nationally, as well as globally. During the Covid-19 pandemic, not
only Indonesia had difficulty identifying families and distributing social assistance to the community.
South African countries, Spain, America are experiencing the same thing and even social assistance
encourages social inequality (Atutxa et al., 2021; Mueller et al., 2021; Visagie & Turok, 2021). The
impact of this pandemic was also stated by Acuto et al. (2020) that the pandemic is driving an increase
in fundamental inequalities within society, not just the family level. In addition, inequalities are also
found to be spatially and geographically consequential between rural and urban areas (Harris et al.,
2020). The description of the disparity in spatial and geographical consequences can be presented in the
PVD.
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CONCLUSION

This research has succeeded in identifying inequality and poverty in rural Indonesia caused by the
Covid-19 pandemic. By taking a study in three research locations that represent villages in Indonesia
(Sumatra, Java and Bali), low inequality was identified (Sibandang Village with the typology of
plantation village = 0.39; Cikarawang Village with the typology of food crops village = 0.36; and
Tegallalang Village with rice field village typology = 0.35).

From the results of the Gini ratio measurement, it is found that 20 percent of the family population in
the village only gets 5-6 percent of the total income of the entire population. Then, the next 20 percent
(total 40 percent) of the family population in the village, only get 16—18 percent of the total income of
the entire population. They are then categorized as poor people in the area. Furthermore, 50 percent of
the family population (half of the total population), in rural Sumatra, Java, and Bali, only get 23-26
percent of the total income in each village.

The income inequality above emphasizes that every poor family in rural Indonesia has a different income
in each village. Thus, poverty is relatively in accordance with the context of the social structure,
economy, and rural ecology. Gini ratio measurements carried out can provide recommendations for
policy makers related to social security programs, empowering poor families in order to improve the
welfare of poor families in rural areas after the Covid-19 pandemic. This study recommends that the
policy for the recovery of poor families in rural Indonesia after the Covid-19 pandemic must touch three
main aspects, that is education, employment and income.

ACKNOWLEDGMENTS

Patents: The Precision Village Data (PVD) with the Drone Participatory Mapping (DPM) approach
used in this study has Intellectual Property Rights No. EC00202040860 on October 15, 2020.
Funding: Primary data collection from Sibandang and Tegallalang villages was supported by the
Pitaloka Institute. Meanwhile, research in Cikarawang Village is supported by the Institute for Research
and Community Service (LPPM) IPB University. The study design, collection, analysis and
interpretation of data were entirely carried out by the authors, without any intervention from the donors.
Furthermore, the publication of the manuscript was funded by LPPM IPB University.
Acknowledgments: Thank you to LPPM IPB University for funding this research.

Conflicts of Interest: The author declares no conflict interest.

BIBLIOGRAPHY

Acuto, M., Larcom, S., Keil, R., Ghojeh, M., Lindsay, T., Camponeschi, C., & Parnell, S.
(2020). Seeing COVID-19 through an urban lens. Nature Sustainability, 3(12), 977-978.
https://doi.org/10.1038/s41893-020-00620-3

Anastasiou, E., Manika, S., Ragazou, K., & Katsios, I. (2021). Territorial and Human
Geography Challenges: How Can Smart Villages Support Rural Development and
Population Inclusion? Social Sciences, 10(6), 193.
https://doi.org/10.3390/s0cscil 0060193

Antonelli, M. A., & De Bonis, V. (2021). Economic Poverty: Does the Break-Up of Families
Matter? Social Sciences, 10(6), 224. https://doi.org/10.3390/socsci10060224

Atutxa, E., Calvo-Sotomayor, 1., & Laespada, T. (2021). The Employment Ecosystem of
Bizkaia as an Emerging Common in the Face of the Impact of COVID-19. Social Sciences,
10(11), 407. https://doi.org/10.3390/socscil0110407

Belitski, M., Guenther, C., Kritikos, A. S., & Thurik, R. (2022). Economic effects of the
COVID-19 pandemic on entrepreneurship and small businesses. Small Business
Economics, 58(2), 593—6009. https://doi.org/10.1007/s11187-021-00544-y

BPS. (2021a). Kabupaten Tapanuli Utara Dalam Angka 2021.

BPS. (2021b). Village Potential Statistics of Indonesia 2021.

Sodality: Jurnal Sosiologi Pedesaan | Vol. 11 (01) 2023 | 108



Crawley, H. (2021). The Politics of Refugee Protection in a (Post)COVID-19 World. Social
Sciences, 10(3), 81. https://doi.org/10.3390/s0csci10030081

Delardas, O., Kechagias, K. S., Pontikos, P. N., & Giannos, P. (2022). Socio-Economic Impacts
and Challenges of the Coronavirus Pandemic (COVID-19): An Updated Review. In
Sustainability (Switzerland) (Vol. 14, Issue 15). MDPL
https://doi.org/10.3390/su14159699

Dominguez-Folgueras, M. (2021). Difficult Times: The Division of Domestic Work under
Lockdown in France. Social Sciences, 10(6), 219. https://doi.org/10.3390/socsci10060219

Duta, A., & lannelli, C. (2018). Social Class Inequalities in Graduates’ Labour Market
Outcomes: The Role of Spatial Job Opportunities. Social Sciences, 7(10), 201.
https://doi.org/10.3390/socsci7100201

FAO. (2020). The State of Food and Agriculture 2020. https://doi.org/10.4060/cb1447en

Fatton, R. (2021). The Paradoxes of the Pandemic and World Inequalities. Social Sciences,
10(9), 332. https://doi.org/10.3390/socsci1 0090332

Garza-Rodriguez, J. (2018). Poverty and Economic Growth in Mexico. Social Sciences, 7(10),
183. https://doi.org/10.3390/socsci7100183

Gracia-Arnaiz, M., Garcia-Oliva, M., & Campanera, M. (2021). Food Itineraries in the Context
of Crisis in Catalonia (Spain): Intersections between Precarization, Food Insecurity and
Gender. Social Sciences, 10(10), 352. https://doi.org/10.3390/socscil0100352

Hardhantyo, M., & Chuang, Y. C. (2021). Urban-rural differences in factors associated with
incomplete basic immunization among children in Indonesia: A nationwide multilevel
study. Pediatrics and Neonatology, 62(1), 80—89.
https://doi.org/10.1016/j.pedneo.2020.09.004

Harris, J., Sunley, P., Evenhuis, E., Martin, R., Pike, A., & Harris, R. (2020). The Covid-19
crisis and manufacturing: How should national and local industrial strategies respond?
Local Economy: The Journal of the Local Economy Policy Unit, 35(4), 403—415.
https://doi.org/10.1177/0269094220953528

ILO.  (2020). ILO  Monitor:  COVID-19 and the World of  Work.
Https://Www.Ilo.Org/Global/about-the-Ilo/WCMS 740877/Lang--En/Index.Htm.

Kemenaker. (2020). Menaker Ida Berdayakan Pekerja Perempuan Terdampak Covid-19
Melalui Program TKM. Http://Www.Kemnaker.Go.Id/ .

Kvieskien¢, G., Ivanova, 1., Trasberg, K., Stasytyte, V., & Celiesiene, E. (2021). Modelling of
Social Policy and Initiatives under COVID-19: Rural NEET Youth Case Study. Social
Sciences, 10(10), 393. https://doi.org/10.3390/socsci10100393

LIPIL. (2020). Survey Dampak Darurat Virus Corona Terhadap Tenaga Kerja Indonesia.
Ttp://Lipi.Go.Id/Siaranpress/Survei-Dampak-Darurat-Virus-Corona-Terhadap--Tenaga-
Kerja-Indonesia/22030.

Milan-Garcia, J., Uribe-Toril, J., Ruiz-Real, J., & de Pablo Valenciano, J. (2019). Sustainable
Local Development: An Overview of the State of Knowledge. Resources, 8(1), 31.
https://doi.org/10.3390/resources801003 1

Mueller, J. T., McConnell, K., Burow, P. B., Pofahl, K., Merdjanoff, A. A., & Farrell, J. (2021).
Impacts of the COVID-19 pandemic on rural America. Proceedings of the National
Academy of Sciences, 118(1). https://doi.org/10.1073/pnas.2019378118

Nkrumah, R. K., Annim, S. K., & Afful, B. (2021). Household Social Expenditure in Ghana:
Examining the Ex-Post Effects and Vulnerability to Poverty. Social Sciences, 10(2), 40.
https://doi.org/10.3390/socsci1 0020040

Peters, E. (2021). What You Want Is Not Always What You Get: Gender Differences in
Employer-Employee Exchange Relationships during the COVID-19 Pandemic. Social
Sciences, 10(8), 281. https://doi.org/10.3390/socscil 0080281

Peterson, E. (2017). Is Economic Inequality Really a Problem? A Review of the Arguments.
Social Sciences, 6(4), 147. https://doi.org/10.3390/socsci6040147

Sodality: Jurnal Sosiologi Pedesaan | Vol. 11 (01) 2023 | 109



Rasul, G., Nepal, A. K., Hussain, A., Maharjan, A., Joshi, S., Lama, A., Gurung, P., Ahmad,
F., Mishra, A., & Sharma, E. (2021). Socio-Economic Implications of COVID-19
Pandemic in South Asia: Emerging Risks and Growing Challenges. Frontiers in
Sociology, 6. https://doi.org/10.3389/fs0c¢.2021.629693

Rivera, V., & Castro, F. (2021). Between Social Protests and a Global Pandemic: Working
Transitions under the Economic Effects of COVID-19. Social Sciences, 10(4), 145.
https://doi.org/10.3390/socscil 0040145

Sampean, & Sjaf, S. (2020). The Reconstruction of Ethnodevelopment in Indonesia: A New
Paradigm of Village Development in the Ammatoa Kajang Indigeneous Community,
Bulukumba Regency, South Sulawesi. MASYARAKAT: Jurnal Sosiologi, 25(2), 159—192.
https://doi.org/10.7454/MJS.v25i2

Sen, A. (1999). Development as freedom. In The Political Economy Reader: Contending
Perspectives and Contemporary Debates. https://doi.org/10.4324/9781003047162-33

Simanjorang, C., Pangandaheng, N., Tinungki, Y., & Medea, G. P. (2022). The determinants
of SARS-CoV-2 vaccine hesitancy in a rural area of an Indonesia-Philippines border
island: A mixed-method study. Enfermeria  Clinica, 32(6), 376-384.
https://doi.org/10.1016/j.enfcli.2022.02.001

Sjaf, S. (2021, August 2). Covid 19, Ketimpangan, Kemiskinan, dan Pengangguran Di
Pedesaan. Kompas, 6-7.

Sjaf, S., Arsyad, A. A., Mahardika, A. R., Gandi, R., Elson, L., Hakim, L., Barlan, Z. A., Utami,
R. B., Muhammad, B., Amongjati, S. A., Sampean, & Nugroho, D. A. (2022). Partnership
4.0: smallholder farmer partnership solutions. Heliyon, 8(12), e12012.
https://doi.org/10.1016/j.heliyon.2022.12012

Sjaf, S., Elson, L., Hakim, L., & Godya, I. M. (2020). Data Desa Presisi. IPB Press.

Sjaf, S., Kaswanto, K., Hidayat, N. K., Barlan, Z. A., Elson, L., Sampean, S., & Gunadi, H. F.
F. (2021). Measuring achievement of sustainable development goals in rural Area: A case
study of Sukamantri Village in Bogor District, West Java, Indonesia. Sodality: Jurnal
Sosiologi Pedesaan, 9(2). https://doi.org/10.22500/9202133896

Sjaf, S., Sampean, Arsyad, A. A., Elson, L., Mahardika, A. R., Hakim, L., Amongjati, S. A.,
Gandi, R., Barlan, Z. A., Aditya, I. M. G., Maulana, S. A. B., & Rangkuti, M. R. (2022).
Data Desa Presisi: A new method of rural data collection. MethodsX, 9.
https://doi.org/10.1016/j.mex.2022.101868

Stiglitz, J. E., Sen, A., & Fitoussi, J.-P. (2010). Mismeasuring Our Lives: Why GDP Doesn’t
Add Up. In The New Press.

Visagie, J., & Turok, I. (2021). Rural-urban inequalities amplified by COVID-19: evidence
from  South  Africa. Area  Development and  Policy, 6(1), 50-62.
https://doi.org/10.1080/23792949.2020.1851143

Warda, N., Elmira, E., Mayang, R., Nurbani, R. 1., & Izzati, R. Al. (2019). Bagaimana
Mencegah Peningkatan Ketimpangan Dalam Desa?

Xu, J., & Takahashi, M. (2021). Urban Marginalization and the Declining Capacity for Disaster
Risks in Contemporary China. Social Sciences, 10(11), 424.
https://doi.org/10.3390/socscil 0110424

Sodality: Jurnal Sosiologi Pedesaan | Vol. 11 (01) 2023 | 110



